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Abstract To solve the difficulty when objects undergo large pose change most existed visual tracking algorithms tend to drift
away the target or even fail in tracking it, this paper proposes a Multiple Instance Learning(MIL) target tracking algorithm based on
sparse representation. This algorithm is to model the appearance of an object by local sparse codes which are formed as training data
for the MIL framework. Within MIL framework, the proposed algorithm learns the sparse codes for a MIL classifier. Results from
the trained classifier are input into a particle filter framework to sequentially estimate the target state over time for visual tracking.
Experimental results show that this algorithm stability is good, and can decrease the center position error rate by 30% compared
with IVT algorithm, L1 algorithm, MIL tracking algorithm.
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